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Abstract 

This study explores the degree to which university students in Surabaya accept ChatGPT, an AI-powered chatbot, by utilizing the Unified 

Theory of Acceptance and Use of Technology (UTAUT) model. Adopting a quantitative methodology, data were collected through 

questionnaires distributed to respondents. The data analysis was carried out using the Structural Equation Modeling (SEM) method with 

the aid of SmartPLS software. The results demonstrate that the fundamental elements of UTAUT namely performance expectancy, effort 

expectancy, social influence, and facilitating conditions exert a significant influence on students' intentions and predicted behaviors 

concerning ChatGPT usage. These findings imply that simplicity, perceived usefulness, social support, and adequate technological 

infrastructure serve as key drivers in the adoption of ChatGPT. Hence, with proper educational facilitation and a supportive learning 

environment, ChatGPT is likely to offer substantial long-term value in academic settings. 
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1. Introduction 

Artificial intelligence (AI) has rapidly advanced and is becoming increasingly influential across multiple sectors, including communication, 

commerce, and education. A notable development in this field is the emergence of natural language processing (NLP)-driven chatbots, 

such as ChatGPT [1]. ChatGPT is a language-based AI model created by OpenAI that leverages deep learning techniques to comprehend 

and produce human-like text. It is capable of interpreting context and engaging in interactive and natural-sounding dialogue. ChatGPT has 

one of the advantages of being able to provide in-depth answers to complex questions that can enable users to obtain information quickly 

and effectively. ChatGPT's success in generating high-quality text is supported by an extensive training process, which has been tested on 

a number of texts from many sources. ChatGPT can learn from user interactions and generate responses based on previously inputted 

context [2]. 

 

ChatGPT has attracted worldwide attention for its innovative and interactive capabilities. In the first two months of launch, ChatGPT 

managed to reach 100 million active users. This makes it the fastest growing app in the history of technology[3]. In recent years, ChatGPT 

is widely used in various fields namely customer service, content creation, programming and academic research. Its ability to provide fast 

and accurate answers makes it one of the most popular AI chatbots in Indonesia, especially among students and professionals [4]. Some 

research indicates that variables such as performance expectancy, effort expectancy, social influence, and facilitating conditions 

significantly contribute to the decision-making process regarding the adoption of this technology [5]. 

According to a study conducted by Wulandari [1], perceived ease of use and user experience had respective impacts of 25.8% and 6.2% 

on user acceptance and interaction effectiveness. Meanwhile, the study by Galantry & Tanamah [4] revealed that performance expectancy 

and facilitating conditions were the most dominant factors influencing the intention to use ChatGPT, whereas other elements like effort 

expectancy and social influence also played a role in shaping user behavioral intentions. 

 

In this study we used the UTAUT model. This model was developed by Venkatesh [7], which is to suggest technology acceptance by 

combining several previous theories such as TAM (Technology Acceptance Model) and TPB (Theory of Planned Behavior). This model 

is often used in understanding the adoption of new technologies, including the AI-based chatbot ChatGPT. UTAUT enables the analysis 

of key factors that influence the acceptance of ChatGPT in everyday life [6]. To evaluate the extent to which ChatGPT is influential based 

on previous research, this study aims to measure the level of acceptance of the technology, aims to measure the level of acceptance of the 

technology. The main focus of this research is to identify the factors that influence students' interest in using ChatGPT. 

https://ioinformatic.org/
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2. Literature review 

2.1. Artificial Intelligence 

Artificial Intelligence (AI) is a discipline within computer science that concentrates on creating systems and machines capable of 

performing tasks that would usually necessitate human intelligence. It applies algorithms and mathematical models to enable computers 

and related systems to learn from data, recognize patterns, and make informed decisions [19]. Essentially, AI enables machines to simulate 

human cognitive abilities. Its implementation spans a broad range of sectors globally, including healthcare, education, and corporate 

governance, as highlighted in various studies on AI adoption [20]. 

Recent advancements in AI have been driven by greater computational capacity, the rise of big data, and improvements in machine learning 

and deep learning methods. Today, AI-powered technologies are capable not only of automating routine processes but also of conducting 

predictive analytics, offering tailored recommendations, and supporting decision-making in complex environments. 

2.2. Natural Language Processing 

Natural Language Processing (NLP) a branch of Artificial Intelligence (AI), focuses on enabling machines to understand, interpret, and 

process human language in both its spoken and written forms. To accurately grasp the meaning, intention, and emotional tone embedded 

in linguistic data, NLP draws on multiple areas of study including computational linguistics, statistical analysis, machine learning, and 

deep learning techniques [21]. In its development, NLP has been applied in various modern technologies such as virtual assistants, 

recommendation systems, spam detection, social media sentiment analysis, to smart chatbots such as ChatGPT. NLP's ability to capture 

context and language structure makes it capable of responding to questions, translating sentences, and even summarizing information 

automatically. With NLP, interactions between humans and computers become more natural, efficient, and adaptive to user needs. 

2.3. ChatGPT 

ChatGPT, short for Generative Pre-Trained Transformer, is an AI-based system developed by the American technology company OpenAI. 

OpenAI is recognized for its dedication to advancing research and innovation in AI-based technologies. With its AI functionalities, 

ChatGPT can process a wide range of information from basic to complex and generate contextually appropriate replies. Nevertheless, the 

accuracy of its responses is not guaranteed, as the system relies on information gathered from the internet, which may sometimes result in 

incorrect or misleading content [22]. 

2.4. UTAUT 

The Unified Theory of Acceptance and Use of Technology (UTAUT) functions as a conceptual basis to explore how likely individuals are 

to embrace and make use of certain technologies. This theory outlines twelve essential variables that influence users’ technology adoption 

decisions, such as performance expectancy, effort expectancy, social influence, facilitating conditions, hedonic motivation, price value, 

habit, behavioral intention, and actual usage. Moreover, factors like gender, age, and experience act as moderators that affect the intensity 

of the relationships among these main variables [8][24]. 

2.5. ChatGPT as an Implementation of AI and NLP 

ChatGPT is an implementation of Artificial Intelligence technology that relies on natural language processing (NLP) capabilities. The 

system was developed by OpenAI by involving a research process of large-scale text data, including books, articles, and various forms of 

human communication. The purpose of this training is for ChatGPT to be able to recognize the intent of the questions given by users, and 

then compose appropriate answers automatically based on the understood context [26]. 

2.6. Risk Perception and Ethical Use of ChatGPT 

The use of ChatGPT in learning can pose risks, such as the emergence of over-dependence that can reduce self-confidence and critical 

thinking skills. The tendency to always rely on ChatGPT is also considered to hinder students' ability to interact socially and discuss 

actively in an academic environment [28]. The ease offered by ChatGPT in accessing scientific writing information has the potential to 

erode the ability of individuals to think critically and research independently [30]. 

Ensuring the ethical use of ChatGPT in higher education involves adhering to ethical standards, where users are expected to take 

responsibility for the ways in which the technology is applied. Although ChatGPT is able to support the learning and research process, 

users should still must filter information critically, not rely entirely on AI, and maintain the originality of academic work. Another important 

aspect is to keep personal data safe and avoid copyright infringement [10]. 

3. Research Methodology 

3.1. Preliminary Stage of Research 

The research process initially starts by identifying and reviewing relevant literature. Following this, a specific topic is selected by taking 

into account the researcher’s existing knowledge and identifying gaps within the current body of research. Exploring literature related to 

the chosen topic serves to enhance comprehension. Through examining multiple sources, the research is reinforced with broader insights 

and allows for a more in-depth and thorough analysis. 
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3.2. UTAUT Conceptual Model 

This research adopts the UTAUT (Unified Theory of Acceptance and Use of Technology) conceptual model and utilizes questionnaires as 

the main instruments for gathering data. UTAUT functions as a core framework for analyzing and predicting technology adoption within 

organizational environments [9]. The subsequent section provides definitions of each variable incorporated in the UTAUT model. 

3.2.1. Performance Expectancy (PE) 

Performance expectancy refers to an individual’s perception that using a particular system will improve their performance in carrying out 

certain tasks. It reflects the perception that the technology can assist in finishing work more quickly, efficiently, and with improved 

professional outcomes [29]. 

3.2.2. Effort Expectancy (EE) 

Effort expectancy represents the degree of ease associated with the use of a system. In the context of ChatGPT, EE captures how easily 

users, such as students, can operate the platform and utilize its features. As a core component of the UTAUT framework, EE is considered 

a major predictor in determining one’s intent to adopt a new technology [27]. 

3.2.3. Social influence (SI) 

Social influence is defined as the belief that others especially important or influential individuals within a person’s social circle can affect 

one’s decision to use a system or technology. When such people express support or expectations, it can significantly influence an 

individual's motivation to adopt the technology [23]. 

3.2.4. Facilitating Conditions (FC) 

Facilitating conditions encompass the availability of supportive resources and infrastructure that enable individuals to effectively use a 

system or technology [7]. These include access to technical help, training, and institutional backing, all of which collectively encourage 

technology adoption. Research using the UTAUT framework confirms that these elements directly affect users’ technology usage behavior 

[25]. 

3.2.5. Behavioral Intention (BI) 

Behavioral intention reflects the extent to which a person intends to continue or begin using a system or technology, either in the short or 

long term. This intention is shaped by multiple influencing factors, including social pressure, perceived value, available support resources, 

and personal motivation all of which play a role in encouraging user engagement with a given application. In this context, BI serves as a 

key indicator to predict whether someone will actually use the technology on an ongoing basis [15]. 

3.2.6. Behavioral Expectation (BE) 

Behavioral Experience (BE) refers to an additional construct that represents an individual's expectation or belief regarding their future use 

of a particular technology. This is based on current experience, intention, and support. 

3.3. Development of a Framework of Thought 

Then, the preparation of a framework that is based on the UTAUT model, but does not include variables in the analysis process. The 

following is a research model used as a framework. 

 
Fig. 1: Thinking Framework Model 

3.4. Hypothesis Formulation 

Hypothesis formulation based on the framework that has been made. 

H1. Performance Expectancy (PE) has a positive correlation with students’ Behavioral Intention (BI) to use ChatGPT. 
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Performance Expectancy represents students’ beliefs that using a technology like ChatGPT will enhance their productivity. When students 

recognize its usefulness in helping them finish academic tasks more effectively, improving learning outcomes, and saving time, they are 

more inclined to adopt and continue using it. The perception of practical advantages is key to shaping students’ behavioral intention. 

H2. Effort Expectancy (EE) positively affects students’ Behavioral Intention (BI) to use ChatGPT. 

Effort expectancy relates to how intuitive and easy a system is to operate. When students consider ChatGPT as simple to use, with minimal 

barriers and accessible features, they are more likely to develop a willingness to keep using it. Reducing complexity can help lower 

psychological or technical burdens during technology adoption 

H3. Social Influence (SI) has a significant role in influencing students’ BI to adopt ChatGPT. 

Social Influence involves how individuals such as peers, instructors, or group members encourage or recommend technology usage. When 

students perceive support or recommendations from key people around them to use ChatGPT, their likelihood to adopt and continue using 

it rises. Such support fosters shared confidence that reinforces the intention to engage with the tool.  

 

H4. Facilitating Conditions (FC) have a significant positive impact on Behavioral Expectation (BE) related to ChatGPT usage among 

students. 

Facilitating Conditions encompass the quality of the support environment, including access to devices, stable internet, and technical 

assistance. When students have sufficient resources to operate ChatGPT, they are more likely to feel assured in continuously using it. 

These supporting infrastructures shape optimistic behavioral expectations for its future use. 

H5. Behavioral Intention (BI) has a positive relationship with Behavioral Expectation (BE) in students’ future use of ChatGPT. 

Behavioral intention indicates students’ willingness to continue using ChatGPT in the future. When students are determined to use it 

regularly, they begin to expect it to become part of their daily academic routine. This sense of intention reinforces their belief that ChatGPT 

will remain integrated into their future educational activities 

3.5. Data Collection 

3.5.1.  Sampling Method 

The technique for selecting samples is tailored to the study’s goals and the population's characteristics, ensuring that the chosen respondents 

are appropriate. This helps guarantee that the information obtained is accurate, relevant, and supports the findings of the analysis. 

3.5.1.1.  Purposive Sampling 

At the initial stage, this study used Purposive Sampling to determine the population in accordance with the research criteria. In this study, 

the selected population is all students who live in Surabaya and have used ChatGPT. 

3.5.1.2.  Determination of Sample Size with Cochran's Formula 

This study uses Cochran’s formula to determine the suitable number of samples that can accurately represent the target population. The 

initial stage in implementing this technique involves identifying the intended population, which consists of students residing in Surabaya. 

Following that, the sample is selected randomly from this population. To establish the required number of participants, the calculation 

process is carried out as described below. 

3.5.1.2.1.   Calculating the Uncorrected Sample Size (n) 
 

n = 
𝑧2×𝑝×(1−𝑝)

𝐸²
 

n = 
1.962×0,5×(1−0,5)

0,10²
 

n =
3,8416×0,25

0,01
 

n = 
0,9604

0,01
 

n = 96 

The Z value is taken from the standard normal distribution, such as 1.96, which corresponds to a 95% confidence interval. The p value 

refers to the estimated proportion (or assumed to be 0.5 when unknown), while E represents the margin of error. 

3.5.1.2.2. Calculating Sample Size Adjusted to Population  

nadj= 
𝑛

1+
(𝑛−1)

𝑁

 

nadj   = 
96

1+
(96−1)

244.424

 

nadj   = 
96

1+0.0003906
 

nadj   = 
96

1.0003906
 

nadj  = 96 
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The number of respondents in this study was determined using statistics provided by the Central Bureau of Statistics of East Java Province, 

which indicated that there were 273,229 students living in Surabaya City. This population figure was used as the basis for computing the 

required sample size. Based on this total, the minimum sample size needed for this research was calculated to be 96 participants. 

3.5.2. Data Collection Instruments 

This study gathers primary data using a questionnaire as the tool for data collection. The questionnaire was developed based on the UTAUT 

model variables, which include performance expectancy (PE), effort expectancy (EE), social influence (SI), and facilitating conditions 

(FC). The effort expectancy items were adapted from previous research [14] and [7], while the social influence variable used items sourced 

from studies [13], [14], and [7]. The facilitating conditions indicators were based on instruments used in prior research [7], [11], and [12]. 

The behavioral intention to use ChatGPT was measured using questionnaire items derived from research [11]. The responses were collected 

using a four-point Likert scale, where (1) = Strongly Disagree, (2) = Disagree, (3) = Agree, and (4) = Strongly Agree. The questionnaire 

was distributed online via a Google Form link sent to participants. The sampling technique used was purposive sampling, and the responses 

gathered were analyzed through statistical methods such as factor analysis and regression, in order to examine the relationship between 

UTAUT model variables and the level of ChatGPT usage. 

 
Table 1: Instrumen dan Sumber Pengumpulan Data 

Variable Source Question 

Performance Expectancy (PE)  [29] PE1 ChatGPT can help me do my assignments faster. 

PE2 ChatGPT helps increase my productivity in learning. 

PE3 ChatGPT makes my learning activities easier. 

PE4 I consider ChatGPT to be beneficial in assisting my 

academic activities. 

Effort Expectancy (EE)  [29] EE1 I think learning how to use ChatGPT is simple. 

EE2 The way ChatGPT works is easy to understand. 

EE3 I quickly adapted to using ChatGPT. 

EE4 Overall, I find ChatGPT easy to use. 

Social Influence (SI)  [29] SI1 People in my environment recommended that I try using 

ChatGPT. 

SI2 Those in my social circle think I ought to use ChatGPT. 

SI3 My friends' use of ChatGPT encourages me to use it too 

SI4 I feel encouraged to use ChatGPT because of the support 

of my surroundings. 

Facilitating Conditions (FC)  [29] FC1 I have enough devices and internet to use ChatGPT. 

FC2 I know how to use technology like ChatGPT. 

FC3 If I have difficulty using ChatGPT, I know where to go 

for help (e.g. through tutorials, friends, or forums) 

FC4 The surroundings I’m in encourage me to use ChatGPT. 

Behavioral Intention (BI)  [29] BI1I have the intention to keep using ChatGPT in the 
upcoming months. 

BI2 I anticipate using ChatGPT within the upcoming months. 

BI3 I intend to utilize ChatGPT regularly over time. 

Behavioral Expectation (BE)  [29] BE1 I think I will use ChatGPT in the next few months. 

BE2 I plan to use ChatGPT once more in the near term. 

BE3 I am pretty sure I will continue to use ChatGPT. 

 

3.5.3. Data analysis and processing 

This study adopts a quantitative research design, where data analysis and processing are carried out through the Structural Equation 

Modeling (SEM) technique. SEM integrates two main analytical methods: factor analysis, which uncovers new variables based on observed 

correlation patterns, and path analysis, which measures the strength of relationships between variables. The data will be processed using 

SmartPLS software. The questionnaire responses will undergo tests for both reliability and validity, and hypotheses will be assessed 

through the bootstrapping method available in SmartPLS. 

4. Results and Discussion 

4.1. Data Description 

The description of the data obtained from our research is as shown in the table below: 

 
Table 2: Data Description 

 

 

 

 

 

Length of Use Number of Respondents Percentage 

<1 month 4 3.4% 

1-3 months 45 38.8% 

>3 months 67 57.8% 
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4.2. Validity Test 

The purpose of the validity assessment is to examine how accurately the gathered data represents the actual scope of the research. Validity 

shows how well a measurement instrument reflects what it is supposed to evaluate. It seeks to determine whether the questionnaire that has 

been developed can validly capture the intended construct. According to [16], this involves analyzing the relationship between each item's 

score and the total score of the questionnaire. A loading factor above 0.70 is regarded as an indicator of acceptable validity [17]. The 

outcomes of the validity test are presented below. 

 

Fig. 2: Graphical Output of Validity Test Results 

Based on the validity test findings, it can be concluded that each variable demonstrates a loading factor greater than 0.70. As a result, all 

variables fulfill the validity criteria and can proceed to the next stage of analysis. 

4.3 Reliability Test 

In addition, the reliability test is conducted to assess how well the measurement instrument can produce results that are both consistent 

and stable. A variable is said to be reliable if its composite reliability value reaches or surpasses the threshold of 0.70 [18]. The following 

table presents the results derived from the reliability analysis: 
 

Table 3: Results of the Reliability Assessment  

 

 

 

 

 

 

 

 

 

 

According to the table, each variable shows a composite reliability score of ≥ 0.70. Therefore, all variables are considered to be reliable, 

allowing the analysis to move forward to the subsequent phase. 

 

4.4  Hypothesis Test 

The table below presents the path coefficient results, that show the direction of the connections between the variables for each proposed 

hypothesis. 
Table 4: Hypothesis Test Results with Path Coefficient  

 

 

 

 

 

 

 

 

 

 

 

Based on hypothesis testing, it is known that all relationships between variables in this model are significant. The factors studied have an 

influence on student intentions and expectations in using ChatGPT. 

Based on the results, the relationships between variables were examined using p-values. A p-value less than 0.05 indicates a statistically 

significant connection, whereas a value greater than 0.05 means there is no significant relationship. The details of these relationships are 

as follows: 

Variabel Composite Reliability AVE Description 

Performance expectancy (PE) 0.825 0.611 Reliable 

Effort expectancy (EE) 0.840 0.636 Reliable 

Social influence (SI) 0.855 0.597 Reliable 

Facilitating conditions (FC) 0.845 0.577 Reliable 

Behavioral Intention (BI) 0.851 0.588 Reliable 

Behavioral Expectation (BE) 0.840 0.568 Reliable 

Variable 

Relationship 

Original 

Sample (O) 

Sample Mean 

(M)  

Standard 

deviation 

(STDEV) 

T statistics 

(|O/STDEV|) 

P values Result 

BI → BE 0.623 0.618 0.069 9.050 0.000 Supported 

EE → BI 0.244 0.245 0.087 2.819 0.005 Supported 

FC → BE 0.181 0.194 0.064 2.855 0.004 Supported 

PE → BI 0.217 0.220 0.104 2.079 0.038 Supported 

SI → BI 0.284 0.299 0.103 2.765 0.006 Supported 
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1. Performance Expectancy (PE) shows a meaningful impact on Behavioral Intention (BI) or students’ willingness to use 

ChatGPT, supported by a p-value of 0.038, which is below the 0.05 threshold (0.038 < 0.05). 

2. Effort Expectancy (EE) also demonstrates a significant relationship with Behavioral Intention (BI) or students’ intent to 

use ChatGPT, with a p-value of 0.005, which is lower than 0.05 (0.005 < 0.05). 

3. Social Influence (SI) contributes significantly to Behavioral Intention (BI) or students’ decision to use ChatGPT, proven 

by a p-value of 0.006 (0.006 < 0.05). 

4. Facilitating Conditions (FC) significantly affect Behavioral Expectation (BE) or students’ expectations in using 

ChatGPT, with a p-value of 0.004, indicating significance as it is smaller than 0.05 (0.004 < 0.05). 

5. Behavioral Intention (BI) significantly influences Behavioral Expectation (BE) or students' behavioral expectations of using 

ChatGPT, because the resulting p-value is 0.000, which is considerably below 0.05 (0.000 < 0.05). 

5. Conclusion  

This study investigates the extent of students’ acceptance toward ChatGPT based on the Unified Theory of Acceptance and Use of 

Technology (UTAUT) framework. The findings demonstrate that all proposed hypotheses are validated, where the main variables 

performance expectancy, effort expectancy, social influence, and facilitating conditions affect students' intentions and expected behaviors 

in using ChatGPT. 

Among the examined variables, social influence appears to be the most dominant factor influencing the intention to adopt ChatGPT, 

followed by effort expectancy and performance expectancy. Moreover, facilitating conditions, together with behavioral intention, are 

shown to significantly shape students’ actual behavior in utilizing ChatGPT within the learning process. 

Overall, it can be concluded that students’ acceptance of ChatGPT technology is relatively high. This acceptance is driven by several 

factors including ease of use, perceived benefits, peer encouragement, and system accessibility. These findings suggest that ChatGPT holds 

strong potential to be further integrated into academic settings, particularly when supported by effective learning environments and proper 

supervision. 

Acknowledgement 

We express our deepest gratitude to Mr. Tri Lathif Mardi Suryanto, S.Kom., M.T. as the lecturer of PKTI course for the guidance, direction, 

and knowledge that has been given so that we can complete this task well. Our gratitude also goes to our friends and all those who have 

provided support and assistance, both directly and indirectly, during the process of preparing this assignment. We realize that this 

assignment is far from perfect. Therefore, any input and suggestions are very much appreciated for future improvements. 

References  

[1] A. A. Wulandari, N. Rasyid Ohorella, and T. Nurhaipah, “Perceived Ease Of Use and User Experience Using Chat GPT,” 2024.  

[2] D. Menon dan K. Shilpa, “‘Chatting with ChatGPT’: Analyzing the factors influencing users’ intention to Use the Open AI’s ChatGPT using the 

UTAUT model,” Heliyon, vol. 9, no. 11, hal. e20962, 2023, doi: 10.1016/j.heliyon.2023.e20962.  

[3] S. Lee, S. M. Jones-Jang, M. Chung, N. Kim, dan J. Choi, “Who is using ChatGPT and why?: Extending the Unified Theory of Acceptance and Use 

of Technology (UTAUT) model,” Inf. Res., vol. 29, no. 1, hal. 54–72, 2024, doi: 10.47989/ir291647.  
[4] L. A. Galantry and A. R. Tanaamah, “Sistemasi: Jurnal Sistem Informasi Analisis Adopsi ChatGPT menggunakan Model UTAUT,” 2024. [Online]. 

Available: http://sistemasi.ftik.unisi.ac.id.  

[5] B. Ingridina, M. Dzakki Abdullah, R. Nabibie, and A. Devina Setiawan, “Prosiding Seminar Nasional Teknologi dan Sistem Informasi (SITASI) 

2024 Surabaya,” 2024. 

[6] A. T. Chusna dan M. Sabandi, “Pengaruh Effort Expectancy, Social Influence, dan Curiosity Terhadap Niat Penggunaan ChatGPT Dimoderasi Gender 
pada Pembelajaran Ekonomi Mahasiswa,” J. Pendidik., vol. 13, no. 01, hal. 1–11, 2025. Available: http://www.ctan.org/tex-

archive/macros/latex/contrib/supported/IEEEtran/   

[7]   V. Venkatesh, M. G. Morris, G. B. Davis, and F. D. Davis, “User acceptance of information technology: Toward a unified view,” MIS Quarterly, vol. 

27, no. 3, pp. 425–478, 2003. [Online]. Available: https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3375136  

[8] D. Marikyan and S. Papagiannidis, “The Unified Theory of Acceptance and Use of Technology: A review,” TheoryHub Book: Unified Theory of 
Acceptance and Use of Technology, no. March, 2023.  

[9] A. Suzianti, P. Y. Budiono, S. N. Fathia and R. Kaniaswari, "Rehumanizing Smart Technology: Analysis of ChatGPT Adoption in Educational 

Institutions in Indonesia," The Social Science Research Network (SSRN), 2023 

[10]  Y. A. Abdilah, “Tinjauan Sistematis Etika Penggunaan ChatGPT di Perguruan Tinggi,” Integralistik, vol. 34, no. 2, pp. 69–78, 2023. 

[11]  S. S. Al-Gahtani, G. S. Hubona, and J. Wang, “Information technology (IT) in Saudi Arabia: Culture and the acceptance and use of IT,” Inf. Manag., 
vol. 44, no. 8, pp. 681–691, 2007.  

[12]  J. T. Marchewka, C. Liu, and K. Kostiwa, “An application of the UTAUT model for understanding student perceptions using course management 

software,” Commun. IIMA, vol. 7, no. 2, pp. 93–104, 2007.  

[13]  A. Nawaz, S. Khan, and A. Khan, “Exploring the impact of social influence on technology adoption: A case of emerging markets,” J. Technol. Manag. 

Innov., vol. 19, no. 1, pp. 45–58, 2024.   
[14]  A. Polyportis and A. Pahos, “Effort expectancy and user satisfaction in modern information systems,” J. Inf. Syst. Technol. Manag., vol. 21, no. 3, 

pp. 210–225, 2024.  

[15] R. P. Juliansyach and R. Christiarini, "Analisa Behavioural Intention dan Use Behaviour pada Aplikasi Game Online Berbasis Mobile Phone 

Menggunakan Metode UTAUT2," Jurnal Manajemen Strategi dan Aplikasi Bisnis (JMSAB), vol. 7, no. 1, pp. 271–290, 2024. [Online]. Available: 

https://doi.org/10.36407/jmsab.v7i1.1154  
[16] F. D. P. Anggraini, A. Aprianti, V. A. V. Setyawati, dan A. A. Hartanto, “Pembelajaran Statistika Menggunakan Software SPSS untuk Uji Validitas 

dan Reliabilitas,” J. Basicedu, vol. 6, no. 4, hal. 6491–6504, 2022, doi: 10.31004/basicedu.v6i4.3206.  

[17] D. L. Kusumaningrini and N. Sudibjo, “The Faktor-Faktor yang Mempengaruhi Motivasi Belajar Siswa di Era Pandemi COVID-19,” Akademika, 

vol. 10, no. 01, 2021, doi: 10.34005/akademika.v10i01.1271.   

[18] H. Akbar and Apollo, "Pengaruh Pemanfaatan Teknologi Informasi dan Pelayanan Fiskus terhadap Tingkat Kepatuhan Wajib Pajak Studi Kasus pada 
Kantor Pelayanan Pajak Jakarta Palmerah," Jurnal Ekonomi Manajemen Sistem Informasi, vol. 1, no. 3, 2020, doi: 10.31933/jemsi.v1i3.97.

  

[19]  Eriana, E. S., and A. Zein, Artificial Intelligence (AI). Malang: Eureka Media Aksara, 2023. 

http://sistemasi.ftik.unisi.ac.id/
http://www.ctan.org/tex-archive/macros/latex/contrib/supported/IEEEtran/
http://www.ctan.org/tex-archive/macros/latex/contrib/supported/IEEEtran/
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=3375136
https://doi.org/10.36407/jmsab.v7i1.1154


 
2420 Journal of Artificial Intelligence and Engineering Applications 

 
[20]  E. Juniardi, “PERAN DAN PRAKTIK ARTIFICIAL INTELLIGENCE AKUNTANSI: SYSTEMATIC LITERATURE REVIEW”, ACCT ACCTG 

ACCG, vol. 4, no. 2, pp. 885-898, Feb. 2024.  

[21]  P. Johri, S. K. Khatri, A. T. Al-Taani, M. Sabharwal, S. Suvanov, and A. Kumar, “Natural language processing: History, evolution, application, and 
future work,” in Proc. 3rd Int. Conf. Comput. Informat. Netw. (ICCIN 2020), Singapore: Springer, 2021, pp. 365–375. 

[22]  F. K. Ramadhan, M. I. Faris, I. Wahyudi, and M. K. Sulaeman, “Pemanfaatan Chat GPT dalam dunia pendidikan,” J. Ilm. Flash, vol. 9, no. 1, pp. 25–

30, 2023. 

[23]  M. Alhwaiti, "Acceptance of Artificial Intelligence Application in the Post-Covid Era and Its Impact on Faculty Members’ Occupational Well-being 

and Teaching Self-Efficacy: A Path Analysis Using the UTAUT 2 Model," Applied Artificial Intelligence, vol. 37, no. 1, 2023. [Online]. Available: 
https://doi.org/10.1080/08839514.2023.2175110  

[24]  T. M. C. Sutjipto, “Penerapan Adopsi Teknologi Model UTAUT untuk Sistem Layanan Samsat Terintegrasi Berbasis Mobile,” Manaj. Inform., vol. 

10, no. 2, pp. 38–47, 2020. 

[25]  N. Marangunić and A. Granić, "Technology acceptance model: a literature review from 1986 to 2013," Universal Access in the Information Society, 

vol. 14, pp. 81–95, 2015. [Online]. Available: https://doi.org/10.1007/s10209-014-0348-1  
[26]  M. P. Mutiara, “Cara Kerja ChatGPT Menggunakan NLP,” sis.binus.ac.id. Accessed: Jun. 19, 2025. [Online]. Available: 

https://sis.binus.ac.id/2023/08/29/cara-kerja-chatgpt-menggunakan-nlp/  

[27]  P. Bazelais, D. J. Lemay, and T. Doleck, “User acceptance and adoption dynamics of ChatGPT in educational settings,” EURASIA Journal of 

Mathematics, Science and Technology Education, vol. 20, no. 2, Article em2393, 2024. [Online]. Available: https://doi.org/10.29333/ejmste/14151

  
[28]  I. Ketut Aria Darmawan, Supriyadi, and Junaidi, “Analysis of Student Perception and Preference Toward the Use of ChatGPT in the Learning Process 

(Case Study at Samawa University Faculty of Economics and Management),” Tambora, vol. 8, no. 2, pp. 10–24, 2024, [Online]. Available: 

https://doi.org/10.36761/suffix  

[29]  L. M. Maruping, H. Bala, S. A. Brown, “Going Beyond Intention: Integrating Behavioral Expectation into the Unified Theory of Acceptance and Use 

of Technology,” Journal of the Association for Information Science and Technology, vol. 68, no. 3, pp. 623–637, 2017. [Online]. Available: 
https://ssrn.com/abstract=3681660  

[30]  A. Zein, “Dampak Penggunaan ChatGPT pada Dunia Pendidikan,” JITU J. Inform. Utama, vol. 1, no. 2, pp. 19–24, 2023, [Online]. Available: 

https://jurnal.astinamandiri.com/index.php/jitu/article/view/151   
 
 

https://doi.org/10.1080/08839514.2023.2175110
https://doi.org/10.1007/s10209-014-0348-1
https://sis.binus.ac.id/2023/08/29/cara-kerja-chatgpt-menggunakan-nlp/
https://doi.org/10.29333/ejmste/14151
https://doi.org/10.29333/ejmste/14151
https://doi.org/10.36761/suffix
https://ssrn.com/abstract=3681660
https://jurnal.astinamandiri.com/index.php/jitu/article/view/151

	Abstract
	3.2.2. Effort Expectancy (EE)
	Effort expectancy represents the degree of ease associated with the use of a system. In the context of ChatGPT, EE captures how easily users, such as students, can operate the platform and utilize its features. As a core component of the UTAUT framewo...
	3.2.3. Social influence (SI)
	3.2.4. Facilitating Conditions (FC)
	3.2.5. Behavioral Intention (BI)
	3.2.6. Behavioral Expectation (BE)
	3.3. Development of a Framework of Thought
	3.4. Hypothesis Formulation
	3.5. Data Collection
	3.5.1.  Sampling Method
	3.5.1.1.  Purposive Sampling
	This study uses Cochran’s formula to determine the suitable number of samples that can accurately represent the target population. The initial stage in implementing this technique involves identifying the intended population, which consists of student...

	3.5.2. Data Collection Instruments
	This study gathers primary data using a questionnaire as the tool for data collection. The questionnaire was developed based on the UTAUT model variables, which include performance expectancy (PE), effort expectancy (EE), social influence (SI), and fa...
	3.5.3. Data analysis and processing
	4.4  Hypothesis Test

